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Intelligence Architecture,  
Not Artificial Intelligence 
Nico Decock ©Bloor Research July 2026

The argument

•	� The real shift is not new tools. It is a new 
environment for how decisions and influence 
happen: the move from artificial intelligence to 
intelligence architecture.

•	� Bias enters at the point of capture, in what a 
system was allowed to see. The work that never 
became legible skews female.

•	� Readiness is a knowledge problem, not a skills 
problem. Most organisations overinvest in tool 
training and underinvest in institutional capability.

•	� The organisations that lead next will be those that 
deliberately decide who gets to shape intelligent 
systems, not merely who is trained to use them.

In June 2026, Bloor Research International joined 
UNITAR for a session in its Gender Dialogue Series: “AI 
Beyond the Tool: Gender, Participation and Readiness 
for Intelligence Architecture.” Richard Skellett, 
Cheney Hamilton and Nico Decock spoke for Bloor, 
moderated by UNITAR’s Manon Balcaen with Bloor’s 
Donna Lamden.

This note is not a summary of that session. It is the 
argument I take from it, and it reaches far beyond a 
single webinar.

The tool frame is no longer enough
Most organisations are asking the wrong first question 
about AI. How fast can we adopt it. How many people 
can we train. How many use cases can we deploy. 
Those questions matter. They do not determine who 
benefits.

The decisive question is architectural: who gets 
to shape the intelligent systems that will increasingly 
shape decisions, work, value and authority? Because 
AI is not simply changing tools. It is changing the 
environment in which decisions, participation and 
influence take place.

That is a different order of change. A tool sits 
inside an operating model. This rewrites the operating 
model. It moves who decides, on what basis, and who 
is left adapting to choices already made. Treat it as a 
procurement exercise and you optimise the surface 
while the substructure shifts underneath you.

So the honest name for the challenge is not 
artificial intelligence. It is intelligence architecture: the 
design of the conditions under which intelligence is 
captured, structured, governed and applied. It includes 
tools but is not reducible to them. It includes data but 
is not reducible to data. It includes people, and not 
only as users. It decides who sees, who decides, who is 
represented, who is accountable and who is excluded.

This is why AI strategy cannot remain a technology 
strategy. It has to become an institutional design strategy.

Bias begins at capture
Start where the problem is least visible. At the point of 
capture.

As organisations build systems that model 
their own operations, the system’s representation 
of a person becomes the basis for consequential 
decisions. Allocations. Opportunities. Assessments of 
value and readiness. That representation is built from 
what was recorded.

Much of the work that holds an institution together 
was never recorded. Coordination. Mentoring. The 
relational and institutional knowledge that keeps things 
running. It was always present. It was never legible.

So the system does not know the whole person. It 
knows the legible person.

The problem is not only that datasets can be 
biased. It is that institutions have never captured all 
forms of contribution equally. Some work became data. 
Some became memory. Some became dependency. 
Some disappeared.

This is not hypothetical. One of the most heavily used 
sources in AI training data, Wikipedia, holds biographies 
that are only about 20% women, with an overwhelmingly 
male editor base . The record of who counts as notable 
was skewed long before any model trained on it.

Gender exposes the architecture most clearly, 
because the uncaptured work of coordination, 
mentoring, translation, continuity-building and 
relational problem-solving has historically skewed 
female. But the failure underneath is architectural, not 
thematic. This is not a claim about sentiment. It is a 
claim about data. Systems trained on a partial record 
inherit the omission and scale it. Bias is present at 
source, in what the architecture was allowed to see.
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Readiness is a knowledge problem
The standard response is training. Teach people to 
use the tools, run the literacy programme, declare 
the workforce ready.

Skills are skills. Knowledge is knowledge. In the 
context of AI, the distinction carries most of the weight.

AI literacy (navigating tools, interpreting outputs, 
working with systems day to day) is a skills question. 
It is teachable and useful, and insufficient on its own.

Governance literacy is different. It is the capacity 
to understand how intelligent systems are governed. 
Who holds authority over them. What accountability 
exists, or should. Who participates in decisions 
about design and oversight, and who does not. That 
is not a skill in the ordinary sense. It is institutional 
knowledge, and it is precisely what most capability 
programmes do not build.

This is the executive blind spot. Most 
organisations are overinvesting in tool training and 
underinvesting in institutional capability, and it is 
why the gap between AI policy and implementation 
stays so stubborn. Principles are easy to publish. 
Institutional capability is harder to build. Institutions 
do not fail at governance for want of tools. They fail 
because the capability to exercise oversight was 
never built alongside the technology.

Four assumptions that break  
under scrutiny
Much current thinking about AI and inclusion rests 
on four assumptions. Each breaks once you examine 
the architecture rather than the tool.

•	 �Adoption creates inclusion. Access to tools is 
not participation in the systems those tools serve. 
Adoption without a voice in design produces 
dependency, not inclusion.

•	� Skills equal readiness. Skills without governance 
knowledge leave people able to use the tools and 
unable to shape the environment the tools create.

•	� Policy intent equals implementation. Intent 
is not operating capability. The hard question is 
whether the institutions meant to deliver it hold 
the mandate, capability and coordination to do so.

•	� Sovereign AI equals data sovereignty. Keeping 
data in domestic infrastructure is not the same as 
holding the architecture to shape the intelligent 
systems operating within your borders. Data 
sovereignty is a storage question. Sovereign 
intelligence architecture is a power question.

The architecture leaders have to build
The implication is not a warning. It is a design brief.

Intelligence architecture is a stack, and its layers 
have to be built together rather than tool first: the AI 

systems, their governance, the institutions that hold 
them, the participation models that feed them, the 
human capability and knowledge beneath them, and 
the public trust that surrounds them. Skip a layer and 
every layer above it inherits the weakness.

For anyone steering an organisation through this 
shift, one question does most of the work. Call it the 
decision-rights test.

Who has the mandate, the knowledge and 
the access to shape the systems, and who is only 
permitted to adapt to them?

Legacy operating models answer it by default, 
favouring whoever was already legible and already 
at the table. Next-generation architectures have to 
answer it on purpose. The alternative is to reproduce 
the old distribution of influence at machine speed 
and machine scale, then call the result objective.

What leaders should test now
Five questions separate architecture thinking 
from tool thinking. They are worth putting to any 
board, CIO, CHRO or policy team before the next 
deployment, not after it.

1.	� What work and contribution are currently invisible 
to our systems?

2.	� Who holds authority over AI design, deployment 
and oversight?

3.	� Where are we training people to use tools without 
the governance knowledge to question them?

4.	� Which decision rights are being transferred to 
systems without explicit institutional design?

5.	� Are we building sovereign data capacity, or 
sovereign intelligence capability?

These questions are not theoretical. They determine 
whether AI investment becomes productivity theatre, 
governance risk or durable institutional capability.

The question underneath
The issue is no longer how we use AI. It is whether 
people, institutions and countries can shape the 
systems that are increasingly shaping them.

The next phase of AI will not be won by the 
fastest adopters. It will be shaped by organisations 
that treat intelligence as architecture: designed, 
governed, contested and accountable. Tool thinking 
produces users. Architecture thinking produces 
institutional capability. That is the distinction  
I will be developing at Bloor Research:  
institutional readiness, workforce architecture, 
sovereign intelligence capability and the  
operating models of the next decade.


